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Bin = 8.6 ms

Iteration #1

32-°

—_—

2]
1
I

(@]
|

I~
|
)

N

Characteristic frequency (kHz)

0.5

Spikes

10

n = 246

fil

32

16

#20

Neurogrammes

Iteration #1

-8 :___— — -

Bt | %3

e =

Py s b #20

e e

o e Al

E_-::— __: B === ___ =

=E5=150-Hz |

10 B
S

® o emew €0 e e
0- ! .

@ NV o

Characteristic frequency (kHz)

80

60

401

20+

® coemen ewme 0o
1

0 .

© NV xS

Characteristic frequency (kHz)



Neurogrammes

Bn=86ms teration #1 Neural network

32 32 - = o .. Hidden layer
#2 == - | #2 80% training set 100 MC
i e (1 ) simulations
16 |- #3 16 [T i #3 |
5B LR . /==
Z’} 8 ] 8*_:_? = -f_: ::: ] Inputlayer,’/;:l \
: s 7y -\
o o4 4 Sy B e T Wl \\| Output layer
2 =z = e T /s putiay
s e 7 X\
@ = ;
E o = (I
8 b , Pt -'-
o o v
1 1 t-::- = = n fibers "\ : ]
0.5 0.5 i = o bins '-\\(:j
- - . - 20 [
Spikes Spikes : 4674 nodes  —2—
10 10 -
n =246 n =246
0 fif 0 fol



Bin = 8.6 ms

Score de discrimination du Neural Network
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Score de discrimination du Neural Network

Iteration #1

32

-
(o] o
|
I

I~
I|I L}
LINY
|

N
|
|
|

Characteristic frequency (kHz)

0.5

#20

Spikes

15

n =246

hil

Iteration #1

324" =

16

#20

n =246

lol/

Discrimination score

1- .
|
0.8 ¢«O 80%
|
0.6 I
|
0.4 :
|
|
0.2+ |
.1 Time | Rate[Fon)
Y EIEE
<+ W N M~ <t <
- - N M
Bin size (ms)



Score de discrimination du Neural Network
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Score de discrimination du Neural Network
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Score de discrimination du Neural Network
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Score de discrimination du Neural Network
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Bin =4.3 ms
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Score de discrimination du Neural Network
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Score de discrimination du Neural Network
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Score de discrimination du Neural Network
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Score de discrimination du Neural Network
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Discrimination de la paire /i/ - /o/
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Discrimination de la paire /y/ - /o/
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Discrimination de la paire /i/ - /vy/
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Scenario 1 : perte de fibres « aléatoire »
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Scenario 1 : perte de fibres « aléatoire »
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